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Fig. 2. a) Average and standard deviation of observed and simulated monthly precipitation during the base
period, b) The percentage of monthly average precipitation changes in the future period
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Fig. 5. Average annual precipitation during the future period in climate change scenarios
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Table 3. Optimal values of IHACRES model parameters
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Table 4. Performance evaluation criteria of IHACRES model in two periods of calibration and validation
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Fig. 13. Fit of observed and computed water table during the calibration period
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Table 5. MODFLOW model performance evaluation criteria related to calibration and verification stages in
steady and transient states
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Fig. 15. Changes in the annual balance of the aquifer during the future period under climate scenarios
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Fig. 16. The average annual water table changes of the aquifer during the future period under climate
scenarios
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Abstract

This study investigates the effects of climate change on the Khorramabad Central Plain aquifer.
The climatic variables of temperature and precipitation were studied and downscale using GCM
and LARS-WG models for a 45-year base period (October 1971 to September 2015).
Temperature and precipitation values were then projected for a 30-year period (October 2024 to
September 2054) under the climate scenarios SSP1.2.6, SSP2.4.5 and SSP5.8.5. The rainfall
runoff simulation was carried out in the Khorramabad basin using the IHACRES model. The
groundwater flow in the central plain of Khorramabad was calibrated using MODFLOW code
for a period of 120 months (October 2010 to September 2020). This model was validated for a
period of 36 months (October 2020 to September 2023). According to the results, the values of
precipitation in the future period compared to the base period will decrease by 42.6, 47 and 61.9
mm in the scenarios SSP1.2.6, SSP2.4.5 and SSP5.8.5 respectively. The annual mean of
minimum and maximum temperatures increases in all three scenarios. After calibration of the
IHACRES model, NSE=0.74, RMSE=1.46 and R2=0.64 were obtained. According to the results,
the predicted discharge of the Khorramabad River in the future period will increase by 2.38
m3.sec in the SSP1.2.6 scenario and decrease by 0.42 and 0.94 m3.sec in the SSP2.4.5 and
SSP5.8.5 scenarios, respectively, compared to the base period. The average 30-year aquifer
balance under the SSP1.2.6, SSP2.4.5 and SSP5.8.5 scenarios was 27494.5, -12335.3 and -
41823.3 m3, respectively. The groundwater level of the Khorramabad Central Plain aquifer will
decrease in the future period.

Keywords: Central Plain of Khorramabad, Climate Change, CMIP6, IHACRES model,
MODFLOW model.

Introduction
Climate change is the greatest future challenge to the hydrosphere and human society, especially in
arid and semi-arid regions. Climate change can have significant impacts on regional and global
surface and groundwater resources. Global climate change studies investigate and model the effects
of climate change on water resources and the interactions between unconfined aquifers and the
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atmosphere. Globally, 60% of the population depends on groundwater resources (Gintamo et al,
2021). Demand for groundwater is likely to increase as events such as floods and droughts become
more frequent. According to IPCC modelling, more than 80 to 100 million people in the Middle East
region will suffer from water shortages by 2050, and groundwater will also decline rapidly.Therefore,
it is necessary to study the effects of climate change on groundwater resources, especially in arid and
semi-arid regions. The purpose of this study is to simulate and evaluate the effects of climate change
on the groundwater resources in the central Khorramabad plain using the GMS and CMIP6.
Materials and Methods

This study was carried out in three steps. The first step was to simulate climate change. To simulate
climate change, first, the appropriate model was selected from among the GCM models. Then the
climate data were extracted and downscaled with the LARS-WG7 model. Finally, the climatic
parameters were predicted for a period of 30 years (September 254-October 2024). In the second step,
the rainfall-runoff modelling was carried out with the IHACRES model. Modeling includes three
steps of calibration (September 2020-October 2010), validation (September 2023-October 2020) and
forecasting (September 2054-October 2024). Groundwater flow modeling, using MODFLOW,
includes conceptual model preparation, numerical model selection, model design (selection of time
steps, determination of boundaries and initial conditions, and selection of appropriate values for
aquifer parameters and hydrological stresses), calibration in two steady and transient states
(September 2020-October 2010), sensitivity analysis and validation (September 2023-October 2020).
To evaluate the accuracy of the prepared models, NSE, RMSE, R?, ME and MAE performance
evaluation criteria were used.

R2 = 2?:1(01'—0_)(13’:_13) ]2 (1)
JET0-0)2/(M;—M)2
RMSE = [2i=aPiz00)? ;
n —P:)2
R ®3)
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Results and Discussion
In the simulation of climate change, the MRI-ESM2 model was selected as the best model for
predictor of climate parameters among the GCM models. The predictions were made under the
climate scenario sspl.2.6, ssp2.4.5 and ssp5.8.5 using the LARS-WG model for 30 years. According
to the results, under all three climate change scenarios, the average minimum and maximum
temperature in the future period will increase compared to the base period, and the average annual
precipitation will decrease. In the rainfall-runoff simulation, according to the values of the model's
performance criteria (table 1), the IHACRES model has an acceptable performance in predicting
runoff. According to the results of applying the climate scenarios, the amount of runoff increases in
the sspl.2.6 scenario compared to the base period and decreases in the SSP2.4.5 and SSP5.8.5
scenarios. In the groundwater flow modeling after the construction of the conceptual model, different
packages were defined and quantified in 120 time steps for the model. After calibration and
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verification, the values of the performance evaluation criteria of the model indicate the accuracy of
the model (table 1). According to the results of sensitivity analysis, the Khorramabad central plain
aquifer model shows the most sensitivity to the parameters of hydraulic conductivity, hydraulic
conductivity heterogeneity (HANI) and river conductance. After ensuring the accuracy of the model,
the prediction of watertable and water balance of the aquifer under climate scenarios for the next 30
years was carried out. According to the results, the average of water table in the future will decrease
by 3.8, 4 and 4.6 meters respectively under scenarios SSP1.2.6, and SSP5.8.5 compared to the last
year of the modeling period. According to the results obtained from forecasts, the 30-year average
balance during the future period under SSP1.2.6, SSP2.4.5 and SSP5.8.5 scenarios was obtained as
27494.5, -12335.3 and -41823.3 m® respectively.

Table 1. Performance evaluation criteria of IHACRES and MODFLOW models in two periods of calibration
and validation

MODFLOW model IHACRES model
Calibration Validation Calibration Validation
R? - - .64 0.58
NSE - - 0.74 0.52
RMSE 0.52 0.92 1.46 3.23
ME -0.01 -0.84
MAE 0.44 1.08
Conclusions

The prediction of climate variables under the SSP1.2.6, SSP2.4.5 and SSP5.8.5 scenarios show a
decrease in precipitation and an increase in minimum and maximum temperatures in the next 30 years
compared to the base period. The average annual runoff in the base period is 10.08 cubic meters per
second, and its value in the scenarios SSP1.2.6, SSP2.4.5 and SSP5.8.5 was 12.46, 9.66 and 9.14 m3,
respectively. According to the results obtained from the forecasts, the 30-year average balance during
the future under the SSP1.2.6, SSP2.4.5 and SSP5.8.5 scenarios was obtained as 27494.5, -12335.3
and -41823.3 respectively. According to the results obtained in all three climate change scenarios, the
water table shows a general decreasing trend. According to the results, the northern and central parts
of the plain show the greatest decrease and the southern part the least decrease in water level compared
to other parts.



